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limited attention affects market outcomes. In other words, consumers do not use all available information in order to make decisions but rather focus on the most salient of the available information.
In addition, consumers may purchase goods at the top of a ranked list due to the availability heuristic, which suggests that what is more easily recalled is also perceived to be more important. In this
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5.1

Introduction

We rank everything ranging from books (New York Times) to corporations (Fortune 500) to basketball teams (NCAA) to dry cleaners (Yelp.com). Not only can rankings influence quick transactions
such as choosing a restaurant for dinner (Zagat) or buying a textbook (Amazon.com), they can also
motivate long-term commitments such as enrolling in a university program (U.S. News and World
Report). Therefore, it is important to understand the mechanisms through which rankings influence
consumer behavior.1
One theory is that rankings influence consumer behavior because they serve as a type of quality disclosure that reduces risk in transactions (Roselius 1971). As Dranove and Jin (2010) state,
this type of disclosure serves several purposes. First, it disseminates information about product
quality when other measures of quality are not adequate. Additionally, since rankings are generally
produced by a third-party, they are seen to be less biased and more trustworthy than information
provided first-hand by manufacturers or service providers. Furthermore, rankings standardize information so that quality data can be easily compared across sellers.
However, other mechanisms may also be at play. A growing body of literature suggests that
limited attention affects market outcomes. In other words, consumers do not use all available information in order to make decisions but rather focus on the most salient of the available information
(DellaVigna and Pollet, 2009; Falkinger, 2008; Lacetera et al., 2011; Pope, 2009). In data with
rankings, the most salient indicator of quality is rank. As such, it may influence consumer behavior
even though other quality data is disclosed alongside it.
In addition, consumers may purchase goods at the top of a ranked list due to the availability
heuristic, which suggests that what is more easily recalled is also perceived to be more important.
For example, Einav and Yariv (2006) note that reference lists are generally alphabetized by authors’
last names and that attention may be focused on the citations at the top of the list. They then notice
that this phenomenon may drive an “alphabetical discrimination,” in which faculty with last names
starting with letters closer to the beginning of the alphabet are more likely to receive tenure at top
ten economics departments, more likely to become fellows of the Econometric Society, and even
more likely to receive the Clark Medal and the Nobel Prize. By contrast, they find that alphabetical
placement has no effect on success in the field of psychology, where authors’ names are generally
listed not alphabetically but rather in order of descending contribution. A similar mechanism may
cause consumers to purchase goods at the top of ranked lists more frequently.
In this paper, I examine the effect of U.S. News and World Report’s annual college rankings
on student demand for national universities ranked in the top 50. More specifically, I examine the
1 For background on the general welfare effects of rankings, see Anderson and Renault (2009), Bouton et al. (2011),
Gavazza and Lizzeri (2007), and Morris and Shin (2002).
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three previously discussed mechanisms through which rankings may influence consumer behavior:
quality disclosure, limited attention, and the availability heuristic. I begin with a review of current
literature in Section 2, followed by a brief economic analysis in Section 3 and a description of the
data in Section 4. I present two econometric models in Section 5, my results in Section 6, and a
discussion in Section 7.

5.2

Literature Review

The annual ranking of colleges released by U.S. News and World Report (USNWR), a special issue entitled America’s Best Colleges, is among the most influential of college rankings. Machung
(1998) cites that one-third of parents of high achieving college-bound seniors believe USNWR
rankings to be a reliable source and two-thirds found them to be “very helpful” in evaluating college quality. McDonough et al. (1998) uses data from 221,897 first-time, full-time freshmen from
432 four-year colleges and universities in the U.S. and found that 29.6% of students cite the rankings
as somewhat important and 10.5% rate them as very important in their college choices.
Despite the popularity of college rankings among prospective undergraduates, however, only a
few empirically rigorous studies have been conducted to estimate the impact of rankings on prospective student behavior.2 Monks and Ehrenberg (1999) conducts the first empirical study on the topic
by examining a subset of universities from the membership of the Consortium on Financing Higher
Education. These institutions included 16 of the top 25 national universities and 13 of the top 25
national liberal arts colleges in the 1998 USNWR rankings and consist solely of private institutions.3 The panel included 300 observations from 30 institutions across 11 years. They found that a
one-rank improvement is associated with a 0.40 percentage point reduction in the acceptance rate,
a 0.17 percentage point improvement in the yield (i.e. the the percentage of admitted students who
choose to matriculate), and a 2.78 point increase in average SAT score the following year. However,
they do not account for the fact that a change in rank may in part reflect a change in quality and do
not distinguish between the effects of the two phenomena.
2 There

has been, however, a sizable amount of literature regarding college rankings in general. Carrell, Fullerton,
and West (2009), and Marmaros and Sacerdote (2002) focus on the effects of college rankings on the quality of students’
educations. Bunzel (2007), Luca and Smith (2012), Martins (2005), and Stake (2006) discuss schools’ reactions to
USNWR rankings. Bastedo and Bowman (2010a), Bastedo and Bowman (2010b), Baughman and Goldman (1999),
Dearden and Lilien (2008), Elsbach and Kramer (1996), Jin and Whalley (2007), and Standifird (2005) examine longterm reputation effects of rankings on educational institutions. Hansmann (1998) and Sauder and Lancaster (2006)
look specifically at law school rankings. Sacerdote (2001) looks at peer effects as an explanation for why students pool
at top ranked schools.
3 Schools in the sample included Amherst, Barnard, Brown, Bryn Mawr, Carleton, Columbia, Cornell, Dartmouth,
Duke, Georgetown, Harvard, Johns Hopkins, MIT, Mount Holyoke, Northwestern, Oberlin, Pomona, Princeton, Smith,
Stanford, Swarthmore, Trinity (CT), University of Chicago, University of Pennsylvania, University of Rochester, Washington University, Wellesley, Wesleyan, Williams, and Yale.
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Meredith (2004) builds on the analysis from Monks and Ehrenberg (1999) by expanding the
panel to the entire sample of ranked colleges from 1991-2000. The paper finds results that are
consistent with the findings by Monks and Ehrenberg and uses methodology that lumps university
ranks into quality tiers and focuses on differential effects. Furthermore, the study finds that moving
off the first page of rankings has a disproportionately large impact on admissions outcomes and that
the effects of USNWR rankings are larger for public schools. Like Monks and Ehrenberg (1999),
however, Meredith does not account for the fact that changes in range may be in part due to changes
in school quality.
Griffith and Rask (2007) examines the impact of rankings on student-level data from 1995-2004
by using a conditional logit model to determine how attributes of the alternative college choices
available to a student impact that student’s probability of attending a particular college. They find
that for full-tuition students, rank differences in the top 20 colleges are related to a 0.45 percentage
point change in the probability of a student attending a college per rank. However, the external
validity of their findings is questionable, as the study was only conducted on data from students
admitted to Colgate University.
By looking at data from the top 50 national universities from the 1991-2001 editions of USNWR
colleges rankings, Luca and Smith (2012) finds that merely having rankings does not have a causal
effect on application decisions. Rather, the rankings must be presented in a salient manner. Using a
differences-in-differences methodology, Luca and Smith exploit variations in USNWR’s bucketing
of its rankings and find that rankings do not have a statistically significant effect on student application decisions if the ranks are presented alphabetically rather than in rank order - even if other
data on college quality is present.4 Additionally, by using an instrumental variables approach to
control for the underlying quality of school, they find that a one-rank improvement leads to a 2.07%
increase in the number of applicants and a 3.44 percentage point decrease in the acceptance rate.
They find no statistically significant effect for a school’s yield, average SAT score, or percentage of
enrolled freshmen who graduated in the top 10% of their high school class.
However, none of these papers attempt to explain the mechanisms through which changes in
rank influence student application decisions. As such, in my paper I examine three mechanisms
through which rankings may influence student demand - quality disclosure, limited attention, and
the availability heuristic.
4 Before

the 1996 edition, USNWR ranked only the top 25 universities (see Figure A2). The next 25 universities
were lumped into a single tier and published in alphabetical order (see Figure A3). Beginning with the 1996 edition,
USNWR explicitly ranked all top 50 universities (see Figure A4).
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5.3

Economic Analysis

Assume that each high school senior who wishes to attend a university in the United States has an
application decision that is solely a function of the each school’s quality.5 One source that this high
school senior can utilize to make a judgment on school quality is the USNWR college rankings.
He or she can utilize the information provided by America’s Best Colleges to determine a school’s
quality in three ways:
1. Quality disclosure - The student uses the USNWR publication as an objective source of quality indicators. For this student, utilizing information from USNWR reduces the time spent
gathering quality indicators, but the actual ranks provided by USNWR do not contain any
additional information.
2. Limited attention - The student does not know how to combine the quality indicators published by USNWR, or there is a cost to processing the information. Therefore, the student
uses the rankings provided by USNWR as a shortcut in lieu of looking at the underlying
quality indicators to determine a school’s quality.
3. Availability heuristic - The student does not understand how to interpret the rankings or the
underlying quality indicators provided by USNWR. However, the student reads the publication, starting at the top of the page and ceasing to read when he or she is no longer interested.
For this student, the names at the top of the rankings become more familiar, and the student
internalizes more familiar schools to be of higher quality.
In this paper, I empirically measure the extent to which each of these three mechanisms affects
student demand for national universities ranked in the top 50 using changes in a school’s quality
score, rank, and row as provided by UNSWR. The quality score is a linear combination of various
quality indicators published as a score out of 100. The rank is an ordinal arrangement of schools by
quality score, where the school with the highest quality score is ranked one. The row is the row that
a school’s information is printed on. Row differs from rank when schools tie in rank. For example,
if two schools are ranked one, the schools will be ordered alphabetically and one school will be
printed on row one while the other school will be printed on row two. Rank and row differ for 42%
of the observations in my dataset. To estimate the effect of quality disclosure, I find the effect of
changes in a school’s quality score on student demand holding rank and row constant. To estimate
5 Presumably,

students will also care about other factors such as the cost of attendance. However, for the purpose
of this analysis, I assume that these other factors do not enter during the student’s application decision but rather later
during the student’s matriculation decision. This is a reasonable assumption considering the uncertainty involved in
the financial aid process, where a student does not necessarily know how much he or she will pay for tuition at the time
of application.
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the effect of limited attention, I find the effect of changes in a school’s rank on student demand
holding quality score and row constant. To estimate the effect of the availability heuristic, I find
the effect of changes in a school’s row on student demand holding quality score and rank constant.
To measure student demand, I use the number of applications a school receives in the application cycle following the publication of each edition of USNWR rankings. In addition, I also use
several alternative outcome variables: acceptance rate, average SAT score of enrolled freshmen,
the proportion of enrolled freshmen who graduated in the top 10 percent of their high school class,
and the yield.

5.4

Data

USNWR first published America’s Best Colleges in 1983 and has published an edition every year
with the exception of 1984.6 These rankings started as a simple reputation rank voted on by college presidents. Today, however, USNWR has expanded the rankings to factor in 15 indicators
of college quality: a peer assessment score, the six-year graduation rate, the freshman retention
rate, the proportion of classes with fewer than 20 students, the proportion of classes with 50 or
more students, faculty salary, the proportion of professors with the highest degree in their field, the
student-faculty ratio, the proportion of faculty who are full time, SAT and ACT scores of enrolled
freshmen, the proportion of enrolled freshmen who graduated in the top 10 percent of their high
school class, the acceptance rate, average spending per student on educational expenditures, the
difference between a school’s actual and predicted graduation rate, and the alumni giving rate.7
This underlying raw data is self-reported by the colleges in an annual statistical survey conducted by USNWR and is combined to create an overall rank as well as six sub-rankings: a peer
assessment rank, a graduation and retention rank, a faculty resources rank, a student selectivity
6 It is important to note that USNWR names its editions after the graduation year of the high school seniors applying

to colleges at the time of its publication. For example, in September 2011, USNWR published the 2012 edition of
America’s Best Colleges. Furthermore, each edition of America’s Best Colleges is computed using data from the
previous year. To illustrate, the 2012 edition of America’s Best Colleges used and published data from applicants that
graduated high school in 2010. For a time trend of rankings for universities with an average ranking in the top 10, see
Figure A1.
7 For the 2012 edition of America’s Best Colleges, USNWR surveyed 1,787 counselors at public high schools that
appeared in the 2010 USNWR Best High Schools rankings and an additional 600 college counselors at the largest
independent schools in nearly every state and the District of Columbia. Survey recipients were asked to rate schools’
academic programs on a 5-point scale from 1 (marginal) to 5 (distinguished) or to mark ”don’t know.” In some years,
the reported faculty salary included benefits. In other years, it did not. In April 1995, the College Board re-centered the
SAT so that the average score for each section was a 500 (the midpoint of the 200-800 scale). Educational expenditures
include spending on instruction, research, and student services and exclude spending on sports, dorms, and hospitals.
The predicted graduation rate is calculated by USNWR. The exact methodology is unpublished. For a more in depth
description of the ranking methodology used for the 2012 edition, see the article “How U.S. News Calculates the College
Rankings” available at http://www.usnews.com/education/best-colleges/articles/2011/09/12/how-us-news-calculatesthe-college-rankings-2012.
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rank, a financial resources rank, and an alumni giving rank.8 To calculate the final rank, USNWR
first calculates an overall quality score by weighting the individual quality indicators. As an example, the weights used to calculate the 2012 edition of America’s Best Colleges are listed in Table
A1 (located in the appendix). This score is normalized so that the top school each year receives an
overall quality score of 100. USNWR then computes the overall rankings by ordering the overall
quality score from highest to lowest and assigning the top school a ranking of one. In the case of
ties in the overall quality score, the tied schools receive the same ranking and the schools are listed
in alphabetical order. It is important to note that the weights used by USNWR to calculate overall
quality change periodically. Therefore, a school can change in quality score and thus ranks from
year to year without changing in its true quality.
Both the print and web versions of America’s Best Colleges contain the overall ranking, the
overall quality score, a selection of the underlying data used to compute it, and the weights used to
compute the rankings. However, since not all of the underlying data is published, the rankings are
not completely transparent. (Exactly which categories of underlying data are omitted varies from
year to year, but generally USNWR chooses to omit financial data such as spending per student
and average faculty salaries.) Furthermore, it is important to note that although the weights for
underlying data are published, the exact methodology used to convert the quality indicators into
a score is not clear since the underlying data is presented with not only different units but also
highly variable ranges. For example, it is unclear how USNWR combines acceptance rate, which
by definition is between 0% and 100%, and spending per student, which is measured in thousands
of dollars. As such, these published weights can only be interpreted as general guidelines.9
In addition to changing its ranking methodology from time to time, USNWR also changes the
number of schools it ranks. Before the 1996 edition, USNWR ranked only the top 25 universities.
See Figure A2 for an illustration. The next 25 universities were lumped into a single tier and published in alphabetical order. Although only the top 25 schools were explicitly ranked, the underlying
data was published for all of the schools. See Figure A3 for an illustration. Beginning with the 1996
edition, USNWR explicitly ranked all top 50 universities. See Figure A4 for an illustration. For the
2008 edition, USNWR ranked the top 120 universities, and since then the number has continued to
expand.
My dataset contains USNWR rankings for the top 50 national universities in the United States
from the 1990 edition to the 2012 edition as well as the underlying data published during those years.
For a full list of schools included in my dataset, see Table A2. Additional college attributes used as
8 For schools that do not respond to the survey, USNWR uses the data reported to the U.S. Department of Education’s

National Center for Education Statistics, the American Association of University Professors, the National Collegiate
Athletic Association, and the Council for Aid to Education.
9 Webster (2001) finds that despite the explicit weights that USNWR publishes for its rankings methodology, the
most significant ranking criterion is the average SAT score of enrolled students.

67

outcome variables such as the number of applicants per year, the number of enrolled students, and
yield were found in Peterson’s Guide to Competitive Colleges10 .
Some transformations of the data were made to its original format in preparation for analysis.
In some years, USNWR published an average SAT/ACT score. In other years, it only published a
25th and 75th score percentile. In these years, the average SAT/ACT was computed by taking the
average of the 25th and 75th percentile scores. (Depending on the distribution of scores, this may
or may not be the actual average score; however, it is sufficient for the purpose of this analysis.)
Furthermore, all ACT scores were converted to SAT scores, using the concordance tables made
available on the ACT website. In addition, in some years, the peer assessment score was reported
as a score out of 5.0, while in other years, the peer assessment score was reported as a score out
of 100. Peer assessment scores that were reported out of 5.0 were normalized to be out of 100
so that they could be compared to the rest of the dataset. For years where rank and quality score
for schools ranked 25-50 were not published explicitly, I calculated a rank and quality score for
these schools using the formula for schools ranked 1-25. To do this, I used the formula found by
regressing overall quality scores from schools ranked 1-25 on published underlying data in order
to predict the overall quality scores for schools ranked 25-50. I then ordered these overall quality
scores to compute rank.

5.5

Econometric Model

In order to measure the effect of row and rank on the outcome variables, I must make several assumptions about USNWR’s measure of quality. I remain agnostic about the validity of the assumptions and present econometric models for two opposing scenarios. In the first model, the quality
score presented by USNWR wholly and accurately represents true quality. For this model, changes
in USNWR’s weighting of underlying quality indicators reflect changes in the composition of true
quality. In the second model, USNWR changes the weights for the quality score in a manner such
that changes in methodology do not reflect changes in true quality. For both models I assume that
USNWR includes all the underlying data necessary to calculate true quality.
It’s important to note that because the continuous quality score is normalized so that the highest
quality school has a score of 100, a college’s quality score can change even without changes in
the methodology USNWR uses to calculate the quality score. If the highest quality school drops in
underlying quality from year to year, a lower ranked school’s quality score can increase without any
increases in underlying quality. In other words, a school’s quality score is not only a function of its
changes in quality from year to year but also a function of the quality of its peers. However, because
rank is explicitly ordinal, this type of normalization does not affect the ability to compare ranks
10 Yield can be calculated using the number of applicants,

the acceptance rate, and the number of enrolled freshmen.
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between years11 . Therefore, I also make assumptions about what dimensions of quality students
care about. In the first model, students only care about the relative quality of schools and therefore
it is possible to make meaningful comparisons among the quality scores published by USNWR. In
the second model, students care about absolute changes in the quality of schools. In this model, I
present an alternative methodology to measure quality.12

5.5.1

Model I

In the first model, the quality score presented by USNWR wholly and accurately represents true
quality as conceptualized by students. As such, the problem becomes econometrically simple and
can be represented by the fixed-effects regression in Equation 1, where 𝑅𝑎𝑛𝑘𝑖𝑡 is the USNWR rank
for a school 𝑖 during a year 𝑡, 𝑅𝑜𝑤𝑖𝑡 is the row the school’s information is printed on, 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 is the
quality score, 𝛼𝑖 is a school fixed effect, ∋Å𝑡 is a year fixed effect, 𝜇𝑖𝑡 is a school- and year-specific
stochastic error term, and 𝐷𝑒𝑚𝑎𝑛𝑑𝑖 𝑡 is the outcome variable for the following application cycle.13
𝐷𝑒𝑚𝑎𝑛𝑑𝑖𝑡 = 𝛽0 + 𝛽1 𝑅𝑎𝑛𝑘𝑖𝑡 + 𝛽2 𝑅𝑜𝑤𝑖𝑡 + 𝛽3 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 + 𝛼𝑖 + 𝑣𝑡 + 𝜇𝑖𝑡

(5.1)

This specification gives 𝛽1 as the effect of rank differences holding row and quality constant, 𝛽2
as the effect of row differences holding rank and quality constant, and 𝛽3 as the effect of quality
differences holding rank and row constant. To relate back to the economic model, if 𝛽1 is statistically
significant, then limited attention is a mechanism that affects the student application decision. If 𝛽2
is statistically significant, then the availability heuristic affects the student application decision. If 𝛽3
is statistically significant, then quality disclosure is a mechanism that affects the student application
decision.
11 In many ways, the quality score given by USNWR is also an ordinal measure. Nevertheless, it can be interpreted
as a more precise measure than rank since it attempts to quantify the relative magnitude of differences between schools
in addition to supplying information about which school is better.
12 The best way to measure true quality would be to use the complete vector of underlying quality indicators that
students care about. Since this is only possible in theory, the next best method of measuring quality is to use the vector
of quality indicators used by USNWR. However, doing so uses up many degrees of freedom in the estimation and
causes the estimated coefficients to be imprecise. Therefore, in this section I explain how I use the published quality
score and the published underlying quality indicators to measure quality despite data limitations.
13 To measure student demand, I use the number of applications a school receives in the application cycle following
the publication of each edition of USNWR rankings. In addition, I also use several alternative outcome variables:
acceptance rate, average SAT score of enrolled freshmen, the proportion of enrolled freshmen who graduated in the top
10 percent of their high school class, and the yield. To illustrate the meaning of the year subscripts, I give an example
using the high school class of 2009: the high school class of 2009 will see 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 , 𝑅𝑎𝑛𝑘𝑖𝑡 , and 𝑅𝑜𝑤𝑖𝑡 for 𝑡 = 2009
published in USNWR. These high school seniors will then decide which schools to send applications to, which then
determines 𝐷𝑒𝑚𝑎𝑛𝑑𝑖𝑡 for 𝑡 = 2009.
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5.5.2

Model II

In the second model, students care about absolute changes in the quality of schools. Therefore, I
present an alternative methodology to measure quality so that it can be compared from year to year.
I use the same specification as in Model I, but I substitute 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 for 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 in Equation 1. I
define 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 as follows, where 𝑋1𝑖𝑡 , 𝑋2𝑖𝑡 , … , 𝑋𝑛𝑖𝑡 represent the 15 underlying quality indicators
that USNWR uses to calculate the quality score and 𝛾 0 , 𝛾 1 , … , 𝛾 𝑛 are the averages of the weights
used by USNWR to calculate the quality score.14
𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 = 𝛾 0 + 𝛾 1 𝑋1𝑖𝑡 + 𝛾 2 𝑋2𝑖𝑡 + + … + 𝛾 𝑛 𝑋𝑛𝑖𝑡

(5.2)

Since 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 is calculated using the same weights each year, changes in 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 are representative of changes in the underlying quality indicators.15 Additionally, in this model I assume that
𝛾 0 , 𝛾 1 , … , 𝛾 𝑛 are the weights that give true quality.

5.6

Results

Before interpreting the results of the econometric models, it is helpful to visualize what the signs of
the regression coefficients are expected to be assuming that schools of higher quality attract more
and better applicants. Such visualization is provided in Table 1.
Table 1 Intuitive signs for regression coefficients

14 Although the weights for underlying data are published, I find 𝛾

0 , 𝛾 1 , … , 𝛾 𝑛 by regressing the quality scores across
the entire sample on the corresponding quality indicators. I do this because the exact methodology used to convert
the quality indicators into a score is not clear since the underlying data is presented with not only different units but
also highly variable ranges. For example, it is unclear how USNWR combines acceptance rate, which by definition is
between 0% and 100%, and spending per student, which is measured in thousands of dollars. As such, these published
weights can only be interpreted as general guidelines. Furthermore, USNWR only publishes a subset of these 𝑋’s and
withholds other underlying data such as faculty salaries, which are likely correlated with published attributes.
15 Essentially, I eliminated the changes in quality score that are due to changes in the weighting of the underlying
quality indicators. Additionally, I do not normalize 𝑄𝑢𝑎𝑙𝑖𝑡𝑦𝑖𝑡 to be out of 100 so that it can be compared from year to
year. It has a minimum value of 52.1 and a maximum value of 96.6 across the sample.
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In addition, to aid in the interpretation of the magnitude of coefficients, I have also included
summary statistics for the outcome variables below in Table 2.
Table 2 Summary of outcome variables

First, I present the regression results for Model I and Model II for all schools in Table 3 and
Table 4. It is interesting to note that coefficients differ significantly between the models and that
the only result that is statistically significant in both models is the coefficient for row on the average
SAT score of enrolled freshmen. Despite the statistical significance of this result, however, it is not
very practically meaningful. A 10-row improvement is correlated with a 9 point increase in average
SAT score, which is only a 0.08-standard-deviation variation in average SAT score. Furthermore,
it is interesting to note that out of the additional statistically significant results from Model I, the
coefficient for rank on acceptance rate, the coefficient for rank on the percentage of freshmen in the
top 10% of their high school class, and the coefficient for quality on yield have the expected signs
as denoted in Table 1, while the coefficient for quality on the percentage of freshmen in the top 10%
of their high school class and the coefficient for row on yield are unexpected.
Table 3 Regression outputs for Model I (all schools)
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Table 4 Regression outputs for Model II (all schools)

Next, I present the results for Model I and Model II for schools with an average rank of 1-25 in
Table 5 and Table 6. For these schools, rank is statistically significantly correlated with all outcome
variables except yield in both models. In addition, these rank effects are all directionally consistent
with the expected results from Table 1. These results suggest that for every 10-rank improvement, a
school will experience a 0.18-0.22% increase in applications, a 9.1-10.9 percentage point decrease
in acceptance rate, a 2.0-4.0 point increase in average SAT score, and a 5.0-8.8 percentage point
increase in the percentage of freshmen in the top 10% of their high school class.16
Table 5 Regression outputs for Model I (schools with average rank 1-25)

16 It’s important to note that students may also respond to changes in rank because attending a higher ranked school
(independent of quality) may serve as a signal to future employers, etc.
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Table 6 Regression outputs for Model II (schools with average rank 1-25)

Finally, I present the results for Model I and Model II for schools with an average rank of
26-50 in Table 7 and Table 8. I find that for these schools, quality is statistically significantly
correlated with all outcome variables except yield in both models. In addition, these coefficients
are all directionally consistent with the expected results from Table 1. These results are particularly
interesting in light of the regression results for schools with an average rank of 1-25, which found
statistically significant relationships between rank and outcome variables. Although not definitive,
these results corroborate the findings from McDonough et al. (1998), which state that students with
higher SAT scores are more likely to place an emphasis on rankings.
Table 7 Regression outputs for Model I (schools with average rank 26-50)
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Table 8 Regression outputs for Model II (schools with average rank 26-50)

5.7

Conclusion

Throughout this paper, I remained agnostic about the validity of the assumptions underlying the
econometric models. Therefore, I cannot definitively conclude which of the three mechanisms
discussed in Section 2 - quality disclosure, limited attention, or the availability heuristic - is the
predominant mechanism through which college rankings influence student demand. Given the
results in Section 6, I do not exclude any of the mechanisms as possible drivers of student demand.
However, the results suggest that for higher ranked schools, limited attention may be the mechanism through which college rankings influence student demand.17 For lower ranked schools, quality
disclosure is likely the mechanism. Therefore, more research needs to be conducted in order to verify these findings and to investigate why the mechanisms through which college rankings influence
student demand differ depending on the quality of the school and/or student.
Nevertheless, it seems that even for decisions that can drastically alter the course of one’s life
(such as where to go to college), people do not use all the information available to them in order to
make the decision.

17 Perhaps this is because the practical differences in the quality of high-quality schools are small, and students are
ill equipped to discern these small differences by themselves.
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Appendix A

Table A1 Weights applied to underlying data in order to compute the overall quality score for the
2012 edition of America’s Best Colleges1
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Table A2

Complete list of universities and average rank from the 1990-2012 editions of USNWR
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Figure A1

Time trend of rankings for the 10 universities with the highest average rankings

Figure A2

Top 25 universities in the 1993 edition of USNWR
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Figure A3

Schools ranked 26-50 in the 1993 edition of USNWR, no explicit rank

Figure A4

Schools ranked 1-50 in the 2010 edition of USNWR
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